
 
 

 
 

98 

DAFTAR PUSTAKA 

 
[1] L. Wuwung et al., “Sustainable ocean development policies in Indonesia: 

paving the pathways towards a maritime destiny,” 2024, Frontiers Media SA. 
doi: 10.3389/fmars.2024.1401332. 

[2] A. Putra Pratama et al., “Meningkatkan Potensi Perikanan Maritim Indonesia 
dengan Aplikasi Fishery,” in Kumpulan Karya Tulis Ilmiah Tingkat 
Nasional, Institut Teknologi Telkom Surabaya, 2022, pp. 103–114. 

[3] M. Sholehudin et al., “Analisis Bioekonomi Gordon-Schaefer Cumi-Cumi 
Di PPN Brondong Kabupaten Lamongan,” Jurnal Kebijakan Perikanan 
Indonesia, vol. 17, no. 1, p. 23, Apr. 2025, doi: 10.15578/jkpi.17.1.2025.23-
34. 

[4] Kementerian Kelautan dan Perikanan Republik Indonesia, “Data KKP 
2024,” Portal Data KKP. [Online]. Available: https://portaldata.kkp.go.id. 
[15 Mei 2026] 

[5] H. Eviyani and D. G. Sushanti, “Penentuan Konstanta Laju Pengeringan dan 
Kadar Air Keseimbangan Cumi-Cumi Kering (Loligo sp.) pada Cabinet 
Dryer,” in Seminar Nasional Politeknik Pertanian Negeri Pangkajene 
Kepulauan, Pangkajene: Politeknik Pertanian Negeri Pangkajene 
Kepulauan, 2022, pp. 224–237. 

[6] S. A. Siddiqui et al., “Applying innovative technological interventions in the 
preservation and packaging of fresh seafood products to minimize spoilage - 
A systematic review and meta-analysis,” Apr. 30, 2024, Elsevier Ltd. doi: 
10.1016/j.heliyon.2024.e29066. 

[7] P. W. Manggala et al., “Analysis of Supply Chain Performance Improvement 
in the Fish Processing Industry,” Industria: Jurnal Teknologi dan 
Manajemen Agroindustri, vol. 13, no. 1, pp. 54–70, Jul. 2024, doi: 
10.21776/ub.industria.2024.013.01.4. 

[8] M. F. Ibrahim et al., “Fuzzy TOPSIS for Post-Harvest Losses Drivers 
Evaluation in Fish Supply Chain: A Case Study,” Jurnal Teknik Industri, vol. 
24, no. 2, pp. 127–140, Aug. 2023, doi: 10.22219/jtiumm.vol24.no2.127-
140. 

[9] K. Wang and N. Du, “Real-time monitoring and energy consumption 
management strategy of cold chain logistics based on the internet of things,” 
Energy Informatics, vol. 8, no. 1, Dec. 2025, doi: 10.1186/s42162-025-
00493-w. 

[10] H. Zhou et al., “Gelatin–Tea Tree Essential Oil Coating Improves the 
Quality, Flavor, and Micromolecular Metabolites of Squid (Illex argentinus) 
Muscle During Cold Storage,” Foods, vol. 14, no. 7, Apr. 2025, doi: 
10.3390/foods14071160. 



 

 
 

99 

[11] S. Liu et al., “Research on efficient numerical method of air flow and heat 
transfer in a refrigerated truck,” Case Studies in Thermal Engineering, vol. 
71, Jul. 2025, doi: 10.1016/j.csite.2025.106270. 

[12] Y. Liu et al., “A Symmetry-Based Hybrid Model of Computational Fluid 
Dynamics and Machine Learning for Cold Storage Temperature 
Management,” Symmetry (Basel)., vol. 17, no. 4, Apr. 2025, doi: 
10.3390/sym17040539. 

[13] D. Pietryga and N. Lech, “Methods for estimating energy demand for electric 
refrigerated vehicles,” in Procedia Computer Science, Elsevier B.V., 2025, 
pp. 5826–5835. doi: 10.1016/j.procs.2025.10.051. 

[14] C. Waldhans et al., “Temperature Control and Data Exchange in Food 
Supply Chains: Current Situation and the Applicability of a Digitalized 
System of Time–Temperature-Indicators to Optimize Temperature 
Monitoring in Different Cold Chains,” J. Packag. Technol. Res., vol. 8, no. 
1, pp. 79–93, Mar. 2024, doi: 10.1007/s41783-024-00165-2. 

[15] A. Y. Cil et al., “Internet of Things enabled real time cold chain monitoring 
in a container port,” Journal of Shipping and Trade, vol. 7, no. 1, Dec. 2022, 
doi: 10.1186/s41072-022-00110-z. 

[16] W. Wu et al., “Internet of Everything and Digital Twin enabled Service 
Platform for Cold Chain Logistics,” J. Ind. Inf. Integr., vol. 33, Jun. 2023, 
doi: 10.1016/j.jii.2023.100443. 

[17] A. A. Nurkhasanah et al., “The Root Causes Analysis of Indonesia’s Fishery 
Products Rejection in the United States of America and European Countries 
during 2010 – 2020,” Industria: Jurnal Teknologi dan Manajemen 
Agroindustri, vol. 11, no. 2, pp. 165–176, Dec. 2022, doi: 
10.21776/ub.industria.2022.011.02.7. 

[18] K. Li et al., “Proposal and Experimental Study on a Diagnosis Method for 
Hermetic Refrigeration Compressor Using Dual Time-Frequency Image 
Fusion,” Applied Sciences (Switzerland), vol. 12, no. 6, Mar. 2022, doi: 
10.3390/app12063033. 

[19] B. Srivatsan et al., “Fault diagnosis of air compressors using transfer 
learning: A comparative study of pre-trained networks and hyperparameter 
Optimization,” Journal of Low Frequency Noise Vibration and Active 
Control, vol. 43, no. 4, pp. 1877–1894, Dec. 2024, doi: 
10.1177/14613484241273652. 

[20] V. Pajić et al., “Enhancing Cold Chain Logistics: A Framework for 
Advanced Temperature Monitoring in Transportation and Storage,” 
Mechatronics and Intelligent Transportation Systems, vol. 3, no. 1, Jan. 
2024, doi: 10.56578/mits030102. 



 

 
 

100 

[21] A. A. Abba Ari et al., “Data collection in IoT networks: Architecture, 
solutions, protocols and challenges,” Aug. 01, 2024, John Wiley and Sons 
Inc. doi: 10.1049/wss2.12080. 

[22] E. Duman and E. Aydoğan, “Enhancing Traceability and Reliability in Cold 
Chain Logistics Through Hyperledger Fabric and IoT,” Applied Sciences 
(Switzerland), vol. 15, no. 22, Nov. 2025, doi: 10.3390/app152212149. 

[23] S. Zhan et al., “A Review on Federated Learning Architectures for Privacy-
Preserving AI: Lightweight and Secure Cloud–Edge–End Collaboration,” 
Jul. 01, 2025, Multidisciplinary Digital Publishing Institute (MDPI). doi: 
10.3390/electronics14132512. 

[24] N. N. Alajlan and D. M. Ibrahim, “TinyML: Enabling of Inference Deep 
Learning Models on Ultra-Low-Power IoT Edge Devices for AI 
Applications,” Micromachines (Basel)., vol. 13, no. 6, Jun. 2022, doi: 
10.3390/mi13060851. 

[25] M. Tiboni and C. Remino, “Condition Monitoring of Pneumatic Drive 
Systems Based on the AI Method Feed-Forward Backpropagation Neural 
Network,” Sensors, vol. 24, no. 6, Mar. 2024, doi: 10.3390/s24061783. 

[26] K. M. ; Almutairi and J. K. Sinha, “Experimental Vibration Data in Fault 
Diagnosis: A Machine Learning Approach to Robust Classification of Rotor 
and Bearing Defects in Rotating Machines,” Machines, vol. 11, no. 10, p. 
943, 2023, doi: 10.3390/machines11100943. 

[27] R. Immonen and T. Hämäläinen, “Tiny Machine Learning for Resource-
Constrained Microcontrollers,” 2022, Hindawi Limited. doi: 
10.1155/2022/7437023. 

[28] V. Tsoukas et al., “A Review on the emerging technology of TinyML,” ACM 
Comput. Surv., vol. 56, no. 10, Jun. 2024, doi: 10.1145/3661820. 

[29] S. Abdanan Mehdizadeh et al., “Energy-Autonomous IoT-based Wireless 
Sensor Networking Architecture for Plant Health Monitoring and Precision 
Irrigation in Sugarcane,” Smart Agricultural Technology, p. 101800, Mar. 
2026, doi: 10.1016/j.atech.2026.101800. 

[30] S. Makdee et al., “The Development of a Wildfire Early Warning System 
Using LoRa Technology,” Computers, vol. 15, no. 2, Feb. 2026, doi: 
10.3390/computers15020105. 

[31] N. Morkevičius et al., “Energy-Saving Method for Nearby Wireless Battery-
Powered Trackers Based on Their Cooperation,” Applied Sciences 
(Switzerland), vol. 15, no. 24, Dec. 2025, doi: 10.3390/app152412886. 

[32] V. K. Tran et al., “A Proposed Approach to Utilizing Esp32 Microcontroller 
for Data Acquisition,” Journal of Engineering and Technological Sciences, 
vol. 56, no. 4, pp. 474–488, Aug. 2024, doi: 
10.5614/j.eng.technol.sci.2024.56.4.4. 



 

 
 

101 

[33] R. R. Ergashev et al., “Assessment of the Condition of Pump Units Based on 
Vibration Diagnostic Indicators supported by artificial intelligence (AI) and 
completed with Bibliometric Literature Review,” ASEAN Journal of Science 
and Engineering, vol. 5, no. 3, pp. 465–490, 2025, doi: 
10.17509/ajse.v5i3.88759. 

[34] M. Hussein et al., “Smart Cognitive IoT Devices Using Multi-Layer 
Perception Neural Network on Limited Microcontroller,” Sensors, vol. 22, 
no. 14, Jul. 2022, doi: 10.3390/s22145106. 

[35] T. Ling et al., “Configurable Multi-Layer Perceptron-Based Soft Sensors on 
Embedded Field Programmable Gate Arrays: Targeting Diverse Deployment 
Goals in Fluid Flow Estimation †,” Sensors, vol. 25, no. 1, Jan. 2025, doi: 
10.3390/s25010083. 

[36] V. K. Nguyen et al., “A multi-microcontroller-based hardware for deploying 
Tiny machine learning model,” International Journal of Electrical and 
Computer Engineering, vol. 13, no. 5, pp. 5727–5736, Oct. 2023, doi: 
10.11591/ijece.v13i5.pp5727-5736. 

[37] S. Heydari and Q. H. Mahmoud, “Tiny Machine Learning and On-Device 
Inference: A Survey of Applications, Challenges, and Future Directions,” 
May 01, 2025, Multidisciplinary Digital Publishing Institute (MDPI). doi: 
10.3390/s25103191. 

[38] S. Arciniegas et al., “IoT device for detecting abnormal vibrations in motors 
using TinyML,” Discover Internet of Things, vol. 5, no. 1, Dec. 2025, doi: 
10.1007/s43926-025-00142-4. 

[39] M. Antonini et al., “An Adaptable and Unsupervised TinyML Anomaly 
Detection System for Extreme Industrial Environments †,” Sensors, vol. 23, 
no. 4, Feb. 2023, doi: 10.3390/s23042344. 

[40] I. Ullah et al., “Vibration-Based Anomaly Detection for Induction Motors 
Using Machine Learning,” Sensors, vol. 25, no. 3, Feb. 2025, doi: 
10.3390/s25030773. 

[41] M. J. C. S. Reis, “Lightweight Signal Processing and Edge AI for Real-Time 
Anomaly Detection in IoT Sensor Networks,” Sensors, vol. 25, no. 21, Nov. 
2025, doi: 10.3390/s25216629. 

[42] Z. Gao et al., “An edge-deployable TinyML approach enhanced by transfer 
learning for efficient Bearing fault diagnosis,” Sci. China Technol. Sci., vol. 
68, no. 12, Dec. 2025, doi: 10.1007/s11431-025-3072-9. 

[43] M. Mansour et al., “Internet of Things: A Comprehensive Overview on 
Protocols, Architectures, Technologies, Simulation Tools, and Future 
Directions,” Apr. 01, 2023, MDPI. doi: 10.3390/en16083465. 



 

 
 

102 

[44] V. Kurnia Bakti et al., “Komputika: Jurnal Sistem Komputer Sistem 
Monitoring Kapasitas dan Kualitas Air dengan Metode SWAT (Smart Water 
Meter) menggunakan Protokol Lora berbasis IoT”, doi: 10.34010/9tchb305. 

[45] D. Hercog et al., “Design and Implementation of ESP32-Based IoT 
Devices,” Sensors, vol. 23, no. 15, Aug. 2023, doi: 10.3390/s23156739. 

[46] F. C. Andriulo et al., “Edge Computing and Cloud Computing for Internet 
of Things: A Review,” Dec. 01, 2024, Multidisciplinary Digital Publishing 
Institute (MDPI). doi: 10.3390/informatics11040071. 

[47] L. Kong et al., “Edge-computing-driven Internet of Things: A Survey,” ACM 
Comput. Surv., vol. 55, no. 8, Sep. 2023, doi: 10.1145/3555308. 

[48] A. Bourechak et al., “At the Confluence of Artificial Intelligence and Edge 
Computing in IoT-Based Applications: A Review and New Perspectives,” 
Feb. 01, 2023, MDPI. doi: 10.3390/s23031639. 

[49] A. M. Sheikh et al., “A Survey on Edge Computing (EC) Security 
Challenges: Classification, Threats, and Mitigation Strategies,” Apr. 01, 
2025, Multidisciplinary Digital Publishing Institute (MDPI). doi: 
10.3390/fi17040175. 

[50] J. D. Velasquez et al., “Emerging trends and strategic opportunities in Tiny 
machine learning: A comprehensive thematic analysis,” Oct. 01, 2025, 
Elsevier B.V. doi: 10.1016/j.neucom.2025.130746. 

[51] Y. Abadade et al., “A Comprehensive Survey on TinyML,” IEEE Access, 
vol. 11, pp. 96892–96922, 2023, doi: 10.1109/ACCESS.2023.3294111. 

[52] A. Elhanashi et al., “Advancements in TinyML: Applications, Limitations, 
and Impact on IoT Devices,” Sep. 01, 2024, Multidisciplinary Digital 
Publishing Institute (MDPI). doi: 10.3390/electronics13173562. 

[53] V. Kurnia Bakti et al., “Comprehensive Systematic Review of TinyML Edge 
Deployment: Optimization Techniques, Application Domains, and Hardware 
Ecosystems,” Jurnal Teknik Informatika (JUTIF), vol. 7, no. 3, pp. 2723–
3863, 2026, doi: 10.52436/1.jutif.2026.7.3.5541. 

[54] R. Kallimani et al., “TinyML: Tools, applications, challenges, and future 
research directions,” Multimed. Tools Appl., vol. 83, no. 10, pp. 29015–
29045, Mar. 2024, doi: 10.1007/s11042-023-16740-9. 

[55] N. P. Martono and H. Ohwada, “Evaluating the Impact of Windowing 
Techniques on Fourier Transform-Preprocessed Signals for Deep Learning-
Based ECG Classification,” Hearts, vol. 5, no. 4, pp. 501–515, Oct. 2024, 
doi: 10.3390/hearts5040037. 

[56] A. Jaya Prakash et al., “Advances in machine and deep learning for ECG 
beat classification: a systematic review,” 2025, Frontiers Media SA. doi: 
10.3389/fdgth.2025.1649923. 



 

 
 

103 

[57] A. Tawakuli et al., “Survey:Time-series data preprocessing: A survey and an 
empirical analysis,” Journal of Engineering Research (Kuwait), vol. 13, no. 
2, pp. 674–711, Jun. 2025, doi: 10.1016/j.jer.2024.02.018. 

[58] R. Liu, “Utilizing fast Fourier transform in the processing of biomedical 
signals: An analytical approach,” Theoretical and Natural Science, vol. 38, 
no. 1, pp. 154–159, Jun. 2024, doi: 10.54254/2753-8818/38/20240589. 

[59] K. Yemets et al., “Time Series Forecasting Model Based on the Adapted 
Transformer Neural Network and FFT-Based Features Extraction,” Sensors, 
vol. 25, no. 3, Feb. 2025, doi: 10.3390/s25030652. 

[60] C. Vasilakis et al., “Improving the Fast Fourier Transform for Space and 
Edge Computing Applications with an Efficient In-Place Method,” Software, 
vol. 4, no. 2, p. 11, May 2025, doi: 10.3390/software4020011. 

[61] R. V. Sánchez et al., “Evaluation of Hand-Crafted Feature Extraction for 
Fault Diagnosis in Rotating Machinery: A Survey,” Sensors, vol. 24, no. 16, 
Aug. 2024, doi: 10.3390/s24165400. 

[62] A. Pérez-Torres et al., “Selection of Vibration Signal Features in the 
Frequency Domain to Determine the Level of Failure Severity in Spur 
Gearboxes,” Journal of Vibration Engineering and Technologies, vol. 13, 
no. 8, Dec. 2025, doi: 10.1007/s42417-025-02213-w. 

[63] N. Tambake et al., “Fault diagnosis of a CNC hobbing cutter through 
machine learning using three axis vibration data,” Heliyon, vol. 11, no. 2, 
Jan. 2025, doi: 10.1016/j.heliyon.2025.e41637. 

[64] X. Zu et al., “Feature Extraction for Low-Speed Bearing Fault Diagnosis 
Based on Spectral Amplitude Modulation and Wavelet Threshold 
Denoising,” Sensors, vol. 25, no. 12, Jun. 2025, doi: 10.3390/s25123782. 

[65] H. T. Zhang et al., “A novel hybrid model for species distribution prediction 
using neural networks and Grey Wolf Optimizer algorithm,” Sci. Rep., vol. 
14, no. 1, Dec. 2024, doi: 10.1038/s41598-024-62285-8. 

[66] H. Dong et al., “Backpropagation Neural Network-Based Prediction Model 
of Marble Surface Quality Cut by Diamond Wire Saw,” Micromachines 
(Basel)., vol. 16, no. 9, Sep. 2025, doi: 10.3390/mi16090971. 

[67] H. Yan et al., “Unsupervised Learning for Machinery Adaptive Fault 
Detection Using Wide-Deep Convolutional Autoencoder with Kernelized 
Attention Mechanism,” Sensors, vol. 24, no. 24, Dec. 2024, doi: 
10.3390/s24248053. 

[68] Y. Keshun et al., “A performance-interpretable intelligent fusion of sound 
and vibration signals for Bearing fault diagnosis via dynamic CAME,” 
Nonlinear Dyn., vol. 112, no. 23, pp. 20903–20940, Dec. 2024, doi: 
10.1007/s11071-024-10157-1. 



 

 
 

104 

[69] M. and T. L. Signals, “MAFAULDA: Machinery Fault Database,” Federal 
University of Rio de Janeiro. [Online]. Available: 
http://www02.smt.ufrj.br/~offshore/mfs/. [15 Mei 2026] 

[70] M. A. Marins et al., “Improved Similarity-Based Modeling for the 
Classification of Rotating-Machine Failures,” J. Franklin Inst., vol. 355, no. 
4, pp. 1913–1930, 2018, doi: 10.1016/j.jfranklin.2017.07.038. 

[71] F. M. L. Ribeiro et al., “Rotating machinery fault diagnosis using similarity-
based models,” in XXXV Simpósio Brasileiro de Telecomunicações e 
Processamento de Sinais (SBrT2017), São Pedro, SP, Brazil: SBrT, 2017, 
pp. 277–281. 

[72] R. M. Souza et al., “Deep learning for diagnosis and classification of faults 
in industrial rotating machinery,” Comput. Ind. Eng., vol. 153, Mar. 2021, 
doi: 10.1016/j.cie.2020.107060. 

[73] J. Lin et al., “Tiny Machine Learning: Progress and Futures,” Mar. 2024, doi: 
10.1109/MCAS.2023.3302182. 

[74] Z. Li et al., “Model Compression for Deep Neural Networks: A Survey,” 
Mar. 01, 2023, MDPI. doi: 10.3390/computers12030060. 

[75] E. Liberis and N. D. Lane, “Differentiable Neural Network Pruning to 
Enable Smart Applications on Microcontrollers,” Proc. ACM Interact. Mob. 
Wearable Ubiquitous Technol., vol. 6, no. 4, Jan. 2023, doi: 
10.1145/3569468. 

[76] L. Crespí-Castañer et al., “Pruning dense neural networks for efficient edge 
deployment in internet of things applications,” Appl. Soft Comput., vol. 186, 
Jan. 2026, doi: 10.1016/j.asoc.2025.114175. 

[77] P. E. Novac et al., “Quantization and deployment of deep neural networks 
on microcontrollers,” Sensors, vol. 21, no. 9, May 2021, doi: 
10.3390/s21092984. 

[78] N. Hernández et al., “Optimizing convolutional neural networks for IoT 
devices: performance and energy efficiency of Quantization techniques,” 
Journal of Supercomputing, vol. 80, no. 9, pp. 12686–12705, Jun. 2024, doi: 
10.1007/s11227-024-05929-w. 

[79] C. M. Bhushan et al., “Deploying TinyML for energy-efficient object 
detection and communication in low-power edge AI systems,” Sci. Rep., vol. 
15, no. 1, Dec. 2025, doi: 10.1038/s41598-025-27818-9. 

[80] V. Shandhoosh et al., “Intelligent fault diagnosis for tribo-mechanical 
systems by machine learning: Multi-feature extraction and ensemble voting 
methods,” Knowl. Based. Syst., vol. 305, Dec. 2024, doi: 
10.1016/j.knosys.2024.112694. 



 

 
 

105 

[81] Z. Xu et al., “Ensemble Capsule Network with an Attention Mechanism for 
the Fault Diagnosis of Bearings from Imbalanced Data Samples,” Sensors, 
vol. 22, no. 15, Aug. 2022, doi: 10.3390/s22155543. 

[82] U. I. Inyang et al., “Diagnosis of Multiple Faults in Rotating Machinery 
Using Ensemble Learning,” Sensors, vol. 23, no. 2, Jan. 2023, doi: 
10.3390/s23021005. 

[83] A. Fanariotis et al., “Reducing the Power Consumption of Edge Devices 
Supporting Ambient Intelligence Applications,” Information (Switzerland), 
vol. 15, no. 3, Mar. 2024, doi: 10.3390/info15030161. 

[84] Espressif Systems, “ESP32-S3 Datasheet,” Espressif Systems. [Online]. 
Available:https://www.espressif.com/sites/default/files/documentation/esp3
2-s3_datasheet_en.pdf. [15 Mei 2026] 

[85] A. Fanariotis et al., “Power Efficient Machine Learning Models Deployment 
on Edge IoT Devices,” Sensors, vol. 23, no. 3, Feb. 2023, doi: 
10.3390/s23031595. 

[86] J. Huang, “Design of Angle Detection System Based on MPU6050,” in 
Advances in Computer Science Research, Xi’an, China: Atlantis Press, Jun. 
2017, pp. 6–8. 

[87] Neneng Triyunita et al., “Development of Vibration Detection Prototype 
Using MPU6050 For Building Durability Evaluation,” Int. J. Sci. Res. Sci. 
Technol., pp. 126–134, Nov. 2023, doi: 10.32628/ijsrst52310620. 

[88] A. Kafeel et al., “An expert system for rotating machine fault detection using 
vibration signal analysis,” Sensors, vol. 21, no. 22, Nov. 2021, doi: 
10.3390/s21227587. 

[89] J. Lambert et al., “Power consumption profiling of a lightweight 
development board: Sensing with the INA219 and Teensy 4.0 
microcontroller,” Electronics (Switzerland), vol. 10, no. 7, Apr. 2021, doi: 
10.3390/electronics10070775. 

[90] D. Teso-Fz-Betoño et al., “Real-Time Edge Deployment of ANFIS for IoT 
Energy Optimization,” Processes, vol. 14, no. 6, Mar. 2026, doi: 
10.3390/pr14061004. 

[91] Microsoft, “Visual Studio Code Documentation,” Visual Studio Code. 
[Online]. Available: https://code.visualstudio.com/docs. [19 Mei 2026] 

[92] Stack Overflow, “Stack Overflow Developer Survey 2024,” Stack Overflow. 
[Online]. Available: https://survey.stackoverflow.co/2024/technology. [18 
Mei 2026] 

[93] PlatformIO, “PlatformIO IDE for Visual Studio Code,” PlatformIO 
Documentation.[Online].Available:https://docs.platformio.org/en/latest/inte
gration/ide/vscode.html. [19 Mei 2026] 



 

 
 

106 

[94] Microsoft, “Jupyter Notebooks in VS Code,” Visual Studio Code 
Documentation.[Online].Available:https://code.visualstudio.com/docs/datas
cience/Jupyter-notebooks. [18 Mei 2026] 

[95] M. Andrzejewska and A. Stolińska, “Do Structured Flowcharts Outperform 
Pseudocode? Evidence from Eye Movements,” IEEE Access, vol. 10, pp. 
132965–132975, 2022, doi: 10.1109/ACCESS.2022.3230981. 

[96] I. Tarsini and R. Anggraeni, “Explore flowchart and pseudocode concepts in 
algorithms and programming,” Indonesian Journal of Multidisciplinary 
Science, vol. 3, no. 5, 2024. 

[97] P. Zhang et al., “Hierarchical data structures for flowchart,” Sci. Rep., vol. 
13, no. 1, Dec. 2023, doi: 10.1038/s41598-023-31968-z. 

[98] D. Calderón et al., “Implementation and Experimental Application of 
Industrial IoT Architecture Using Automation and IoT Hardware/Software,” 
Sensors, vol. 24, no. 24, Dec. 2024, doi: 10.3390/s24248074. 

[99] A. Dauda et al., “A Survey on IoT Application Architectures,” Aug. 01, 
2024, Multidisciplinary Digital Publishing Institute (MDPI). doi: 
10.3390/s24165320. 

  


